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Algorithm of the exam abnormal behavior detection
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Abstract; A efficient algorithm was presented for abnormal behavior detection in examroom based on
intelligent video surveillance theory and examroom characters. The concepts of Behavior Coverage
Region and Three - Dimensional Attention(TDA) were given in this algorithm from the structure and
content of examinee information. And the efficiency between analyzer designed by this algorithm and
ordinal methods had been compared after the simulation experiments to analyzer’s accuracy and
efficiency. The result suggested that this algorithm can reveal the history relationship of video inter-
frame and can also accelerate greatly comparing with ordinal methods.
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(MVAM) ; three-dimensional attention (TDA)
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Fig. 1 Process of frame analysis
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Fig. 4 Method for detecting the objects in the frames
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Table 1 Evaluation of detection algorithm efficiency
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Fig. 6 Detection results of cheating
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