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Abstract;In order to improve the accuracy of short-time traffic flow prediction, a short-term traffic
flow prediction model based on singular spectrum analysis and Combined Kernel Function (CKF)
Least Square Support Vector Machine (LSSVM) is proposed. Singular spectrum analysis technology
is used to filter out the noise of traffic time series. Then, the processed traffic flow data are used to
train the CKF-LSSVM, and the parameters of the model are determined by particle swarm
optimization algorithm. Finally, validation and comparative analysis of the model are carried out using
the measured in Xiamen, China. Experimental results indicate that the proposed model has good
prediction performance and can effectively improve the accuracy of short-time traffic flow prediction.
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Fig. 1 Traffic flow time series
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