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Constrained classifier learning algorithm based on genetic algorithm

Dong Li-yan', Yuan Sen-miao',Liu Guang-yuan®, Li Yong-1i*,Guan Wei-zhou®
(1. College of Computer Science and Technology, Jilin University, Changchun 130012, China; 2. College of
Communication Engineering, Jilin University, Changchun 130022, China; 3. College of Computer, Northeast Normal
University, Changchun 130024, China)

Abstract: A restricted BAN classifier learning algorithm — GBAN based on genetic algorithm is
proposed. Genetic algorithm was used to study the network structure. The structure of TAN
classifier was extended by restricting the complexity of the structure of BAN classifier. And then a
restricted BAN classifier is obtained. As far as this classifier's structure studying, the fitness function
based on logarithm likelihood was designed. The code scheme of network structure , and the
corresponding genetic operators are designed. As a result, the algorithm converges on the overall
optimal structure. The experimental result indicated that GBAN algorithm has good classifying effect
and is more accurate than TAN classifier when the relationship between attributes of a data set is
relatively complicated.
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