%38 % T TR KXKFEFROT F R) Vol. 38 Sup.
2008 4% 2 H Journal of Jilin University (Engineering and Technology Edition) Feb. 2008

5T R4 0 SO 2% 1y & DL e 3k

REALRER  AFER LV E B BRET]

(. FHhAk¥ HENAEERRFER. K& 130012; 2. FHh A% HME2ETEER, K& 130022)

W OERET AERZREANE TN ERT &, R F A8 O 4 9 0 K A — R =@
HETRERY, EERFEFRBEEAANEXRNE - NPT RETEANIEANE . LEHIHH
MR RO AENEXFNEHATEER, YEXNETH T2 E5 RA T NIELH%
AR E, NE5mEHr Ry ELREEANM, HERAATURIEE -PENHE
B 55 A R R X AN MY B k8 45 A AR O A i | (association graph) . st FEAAE G=(V,
MURG =WV A MEHMEKE G =(V'",A), dat 2. V' ZHA TG H & TR E
G ANRIHEMEETACRNES, XHSYTEMKE YT K —N&EAHZEA (clique) , H
AAEX N G 2ERAN - NTH. BAZABREETEEATREAEAMEAYTAE
WEYFE,

KW ATHRKZ,EANE  HLR

FESHES . TP391. 3 X HRARINED . A XEHS :1671-5497(2008) Sup. -0145-05

Algorithm of graph matching based on mental imagery semantic nets

Zhao Hong-wei, Zhang Hai-long. Liu Ping-ping, Wang Hui, Xu Zheng-yu®
(1. College of Compuler Science and Technology, Jilin University,Changchun 130012, China; 2. College o/ Mechanical
Science and Engineering, Jilin University, Changchun 130022, China)

Abstract: A new method for searching mental imagery in semantic nets is proposed. The problems of
semantic nets of mental imagery are generally solved by graph matching. First a semantic net with
variable nodes is constructed in accordance with the requirements of the problem to be solved. Then
the graph matching algorithm is employed to match the already existed semantic nets of computer
vision system. The enquiry part of the sub-semantic network is the solution if it matches the semantic
network graph successfully. The problem of map matching can be resolved by the construction of a
data structure of associate graph. For two graphs, G=(V, A) and G'=(V’',A’), we can construct
an associate graph G"=(V",A"), in which V" is of all possible matching set nodes, and A" is of all
compatible matching set nodes. It is equivalent to find a maximum clique in the associate graphs,
clique is defined as a completely connected sub-graph of Equates G”. The largest clique meets the
criterion that its node sets are not of approximate subsets of any other clique.
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Fig. 1 Semantic nets of mental imagery
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