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Zircon image matching method based on description of SIFT feature by LBP
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(1. College of Instrumentation & Electrical Engineering, Jilin University, Changchun 130022, China; 2. Institute of

Geology Chinese Academy of Geological Sciences, Beijing 100037, China)

Abstract:In order to solve the problem of high computational complexity and low matching speed of
the traditional Scale Invariant Feature Transform (SIFT) algorithm, a new method of feature
description using Local Binary Patterns (LBPs) was proposed. This method was used to describe the
zircon image feature points detected by SIFT algorithm. The dimensionality of the feature vector was
reduced using Principal Component Analysis (PCA), and the descriptor matching was carried out with
Euclid Distance. The new description method of LBPs has a more simple calculation, and this
algorithm has excellent features of rotation invariance and illumination invariance. The descriptor
matching is faster after PCA dimension reduction. Experimental results show that this method meets
the requirements of automated sample search, and significantly improves the matching speed of zircon
images, improves the efficiency of the instrument.
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Fig. 4 AVG-LBP description region of the keypoint
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